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Abstract  

Stolen asset recovery remains one of the most challenging aspects of global 

anti-corruption efforts, with billions of illicitly acquired funds concealed 

through complex offshore networks, shell companies, and luxury assets 

across multiple jurisdictions. Traditional legal and investigative approaches, 

while essential, are often slow, fragmented, and reactive.  

This paper proposes an AI-driven framework for asset tracing and recovery, 

leveraging open-source intelligence (OSINT), beneficial ownership registries, 

offshore leaks, and property databases to identify hidden wealth linked to 

corruption. By applying techniques such as network analysis, anomaly 

detection, and natural language processing, the study demonstrates how 

machine learning can uncover suspicious asset flows and ownership structures 

that evade conventional scrutiny. Using case studies and the research tests 

the feasibility of a risk-based prioritization model that directs recovery efforts 

towards the most promising targets.  

The paper concludes with policy recommendations for integrating AI tools into 

international cooperation frameworks under UNCAC and the World Bank–

UNODC StAR Initiative, highlighting how emerging technologies can accelerate 

asset recovery, reduce costs, and enhance transparency in the global fight 

against corruption. 

• Literature Review: Review of global and local sources, international 

frameworks and standards. Challenges in asset recovery e.g. shell 

companies, legal delays and role of technology in anti-corruption e.g. AI 

in AML/CFT, open data in governance. 

 

• Data Sources and Documentary Analysis: An examination of current 

laws and regulations to assess gaps and in-dept analysis of data sources 

to ensure integrity focusing anti-corruption enhancing controls and 

governance. 

 

• Case Studies: In-depth research of case studies to demonstrate the 

potential application of 33AI-driven frameworks in asset tracking and 

recovery. Provide a comparative lens to assess how AI-driven asset 

tracing could have enhanced detection, accelerated recovery and 

improved oversight across different contexts. 

 

• Comparative Analysis: Comparison of current processes with the 

proposed framework to promote efficiency, accuracy, cost and universal 

applicability. 

Findings and Proposal:  

• Demonstration of how AI tools reveal hidden links (example: detecting 

shell companies in multiple jurisdictions). 
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• Proposed Risk-Based Prioritization Model for asset recovery (focus on 

high-value/high-feasibility targets).  

• Strengths and weaknesses of AI in real-world legal settings. 

Policy Recommendations : 

• Establish an International AI Lab for Asset Recovery under international 

organizations to drive research, training and practical use of emerging 

technologies. 

• Mandate the integration of beneficial ownership registries with AI tools to 

improve detection of illicit wealth and hidden connections. 

• Create sustainable funding mechanisms to help low-income countries 

access and adopt AI-based asset tracing technologies. 

• Foster public–private partnerships with fintech, regtech, and data analytics 

firms to leverage expertise, innovation and technical capacity for scaling 

asset recovery efforts. 

AI in asset recovery raises legal and ethical issues and demands stronger 

frameworks and international cooperation, but it also offers governments and 

global institutions powerful opportunities to boost efficiency, accountability, 

and capacity in recovering illicit assets. 

AI can transform stolen asset recovery by lowering costs, speeding 

investigations, and closing loopholes, but legal and ethical challenges remain. 

Pilot projects are key to building trust and enabling its global adoption. 
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1  Introduction  

1.1  Background and R ationale  

 

The recovery of stolen assets represents one of the most critical yet 

complex dimensions of the global anti-corruption agenda. Illicit financial 

flows (IFFs) resulting from corruption, money laundering and 

embezzlement deprive nations, particularly developing economies of 

resources essential for sustainable growth and public welfare. According 

to estimates by the United Nations Office on Drugs and Crime (UNODC) 

and the World Bank, billions of dollars in corrupt proceeds are transferred 

abroad each year, yet only a fraction is ever successfully recovered and 

repatriated. Despite the adoption of the United Nations Convention 

against Corruption (UNCAC) and the establishment of the Stolen Asset 

Recovery (StAR) Initiative, the process of tracing, freezing and returning 

assets remains hindered by jurisdictional complexities, legal 

inconsistencies and limited investigative resources. 

1.2  Problem Statement and R esearch O bjectives  

 

Traditional asset recovery efforts rely heavily on mutual legal assistance 

requests, cross-border cooperation and manual data analysis, 

approaches that are often time-consuming and reactive. In an 

increasingly digitalized and data-driven financial environment, these 

conventional methods struggle to keep pace with the sophisticated 

techniques used by corrupt actors to conceal illicit wealth through 

complex corporate structures, offshore accounts and emerging financial 

instruments. This growing gap between technological advancement and 

regulatory capability highlights the urgent need for innovative tools and 

data-driven methodologies to strengthen global asset recovery 

mechanisms. 

1.3  Scope and Significance of the Study  

 

The application of Artificial Intelligence (AI) offers a transformative 

opportunity. AI’s ability to analyse vast datasets, detect anomalies and 

map hidden relationships across jurisdictions can revolutionize the way 

authorities identify and recover stolen assets. By integrating AI into asset 

tracing and recovery frameworks, institutions can move from reactive 

investigations to proactive intelligence-driven detection. However, such 

innovation also raises critical questions about data privacy, due process, 

evidentiary reliability and the ethical use of machine learning in law 

enforcement and governance. 

This research paper explores the role of AI as a catalyst in advancing the 

transparency, speed and effectiveness of stolen asset recovery efforts. It 

examines how AI-driven tools, such as network analysis, anomaly 

detection and natural language processing (NLP) can be applied to 
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uncover hidden ownership networks, prioritize high-value recovery 

targets and strengthen international cooperation. Through comparative 

case studies, the paper analyses real-world examples of asset recovery 

namely, the Abacha loot (Nigeria), the 1MDB scandal (Malaysia) and 

Uzbekistan–Swiss asset repatriation to evaluate how AI technologies 

could enhance outcomes in similar contexts. 

1.4  Structure of the Paper  

The study aims to bridge the gap between theory and practice by 

proposing a Risk-Based AI Framework for Asset Tracing and Recovery, 

designed to optimize resources and improve coordination among states, 

financial institutions and international bodies. By doing so, it contributes 

to both the academic discourse on financial crime prevention and the 

policy dialogue within the IACA community. The paper concludes with 

policy recommendations for integrating AI tools within the frameworks 

of UNCAC and StAR and for establishing an International AI Lab for Asset 

Recovery to promote innovation, capacity-building and ethical 

governance in this emerging field. 

 

  

 

 

 

 

 

 

 

 

 

 

 

 

2  Global Context and Legal Frameworks  

2.1  Overview of Stolen Asset Recovery under UNCAC (Chapter V)  

 

Asset Recovery as a Core Principle  
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UNCAC (2003) established asset recovery as a fundamental principle of 

international law, recognizing that the return of stolen assets is essential 

for combating corruption, restoring public trust and supporting 

development. Chapter V obliges States Parties to cooperate in tracing, 

freezing, confiscating and returning proceeds of corruption, marking a 

historic shift toward global accountability. 

Importance for Developing Countries  

Asset recovery is particularly critical for countries whose public wealth 

has been diverted through high-level corruption. Recovering stolen funds 

enables states to rebuild institutions, finance development and address 

the social and economic harm caused by illicit financial flows. Chapter V 

underscores that corrupt officials should have no safe haven for hiding 

assets abroad. 

Scope of International Cooperation  

Chapter V outlines a comprehensive framework for cooperation across all 

stages of the asset recovery process. This includes measures for 

identifying and tracing assets, freezing and preserving evidence, seizing 

and confiscating proceeds, managing recovered assets and ensuring 

their return to rightful owners. It also promotes mechanisms such as non-

conviction-based confiscation and direct enforcement of foreign freezing 

or confiscation orders. 

The UNODC’s Role in Strengthening Asset Recovery  

UNODC supports States Parties in implementing Chapter V through: 

• Legislative assistance to align national laws with UNCAC obligations. 

• Training and capacity-building for practitioners involved in tracing, 

freezing, confiscation and return. 

• Practical tools and knowledge products to strengthen asset recovery 

capabilities. 

• Targeted support through the StAR Initiative, a UNODC and World 

Bank partnership. 

• Operational cooperation via the Globe Network, enabling real-time 

collaboration among anti-corruption law enforcement authorities. 

Advancing Global Enforcement and Accountability  

UNCAC sends a clear message that illicit assets cannot remain beyond 

the reach of justice via by providing a dedicated chapter on asset 

recovery. The Convention’s provisions promote the broadest possible 

cooperation among states, reinforcing global efforts to dismantle safe 

havens for corrupt wealth and to ensure effective restitution. 
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Below are the relevant UNCAC Chapter V Articles : 

• Article 51 - General provision 

• Article 52 - Prevention and detection of transfers of proceeds of crime 

• Article 53 - Measures for direct recovery of property 

• Article 54 - Mechanisms for recovery of property through international 

cooperation in confiscation 

• Article 55 - International cooperation for purposes of confiscation 

• Article 56 - Special cooperation 

• Article 57 - Return and disposal of assets 

• Article 58 - Financial intelligence unit 

• Article 59 - Bilateral and multilateral agreements and arrangements 

2.2  Role of the Stolen Asset Recovery (StAR) Initiative  Establishment 

and Purpose  

The Stolen Asset Recovery (StAR) Initiative launched in 2007 by the World 

Bank and UNODC. Its aim is to support UNCAC implementation, aims to 

strengthen global capacities for tracing, freezing and returning stolen 

assets. It provides technical assistance to promotes mutual legal assistance 

and builds partnerships to enhance cooperation among jurisdictions. 

a)  Capacity  Building and Knowledge Support  

StAR develops guidance, training tools and good-practice libraries. It 

facilitates country-specific consultation missions to assess needs and 

political commitment. It also promotes legal harmonization, effective 

investigative methods and the creation of web-based focal points to 

improve cross-border information sharing. 

b)  Addressing Barriers to Asset Recovery  

Despite StAR support, countries continue to face structural challenges, 

including limited access to financial intelligence, secrecy laws in offshore 

jurisdictions, complex beneficial ownership networks and weak inter-

agency coordination. These obstacles contribute to inconsistent 

implementation of UNCAC asset recovery provisions. 

c)  Impact and Governance Benefits  

Investments in asset recovery can yield substantial returns, with 

comparatively small inputs enabling the recovery of significant stolen 

funds. By improving institutional capacity and promoting accountability 

StAR contributes to broader governance reforms and enhances global 

efforts to deter corruption. 

2.3  International Cooperation and Legal Challenges  

       Importance of International Cooperation in Asset Recovery  
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As illicit financial flows routinely cross borders, effective asset recovery 

depends on strong international cooperation. States must strengthen 

enforcement laws, simplify procedures and avoid delays that create 

opportunities for asset flight. FATF’s revised Standards call for cooperation 

that is both efficient and agile enabling rapid action against assets 

concealed in foreign jurisdictions. 

A Modern Approach: Four Core Principles  

1. Mutuality -  Countries should provide foreign partners with the same 

level of investigative support, evidence gathering and asset 

management assistance available in domestic cases. 

2. Proactivity -  Jurisdictions are encouraged to share intelligence 

spontaneously without waiting for formal requests to help trigger 

investigations or tracing efforts abroad. 

3. Suitability -  Authorities should choose the most effective 

cooperation tools, including task-sharing in multi-jurisdictional cases 

and using specialized technical expertise. 

4. Informality -  Informal cooperation quick communication, 

intelligence sharing and early planning should precede formal mutual 

legal assistance (MLA) in line with FATF Recommendation 40. 

Role of LEAs and FIUs in Information Exchange  

Law enforcement agencies and FIUs should be empowered to exchange 

both preliminary and detailed information, including with foreign non-

counterparts when appropriate and subject to safeguards. Early 

intelligence exchanges can advance ongoing investigations without 

disrupting domestic proceedings. Liaison officers abroad play a critical 

role in facilitating rapid communication and coordination. 

Informal Networks: ARINs and Other Platforms  

FATF promotes the use of Asset Recovery Inter-Agency Networks (ARINs) 

for fast, point-of-contact cooperation. Where ARINs are not available, 

countries should use alternative networks such as INTERPOL or the 

Egmont Group. Informal information obtained through these platforms 

often leads to more targeted and successful formal cooperation. 

Strengthening Formal Mutual Legal Assistance  

Formal MLA remains essential for freezing, seizing and confiscating 

assets. Effective cooperation requires clear procedures well-trained 

staff, constructive handling of technical issues and early communication 

before submitting requests. Joint investigative teams and coordinated 

parallel investigations significantly enhance asset recovery outcomes. 

Enforcing Foreign Freezing and Confiscation Orders  
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FATF requires countries to have the legal ability to enforce foreign 

provisional and final orders including many non-conviction-based 

confiscation orders. Enforcement should avoid duplicative 

investigations, focusing instead on due process, finality and legal 

compatibility. Informal consultations includes sharing drafts, clarifying 

requirements and planning logistics will help prevent obstacles and 

facilitate smooth recognition of foreign orders. 

2.4  Gaps in Current Recovery Mechanisms  

The incorporation of Artificial Intelligence (AI) into the asset recovery 

ecosystem offers a new paradigm for operationalizing these 

frameworks. AI can complement existing legal tools by enhancing the 

speed, precision and scope of asset tracing activities. When aligned with 

international legal standards AI can facilitate cross-border information 

exchange, automate the analysis of beneficial ownership data and 

detect hidden networks of illicit wealth. However, the use of AI in this 

context must be governed by robust legal safeguards to ensure 

compliance with privacy laws, due process and data protection 

standards. 

Thus, the global asset recovery regime stands at a pivotal juncture. 

While UNCAC and StAR provide the normative and institutional 

foundations, the integration of emerging technologies such as AI 

represents the next frontier in translating these principles into 

measurable results. This paper positions AI not as a replacement for 

legal cooperation but as a complementary instrument that can 

transform asset recovery from a reactive, case-by-case pursuit into a 

proactive, intelligence-led process aligned with the spirit of UNCAC. 

3  Literature Review  

3.1  Overview of Asset Recovery Research and Practice  

 

The literature on stolen asset recovery and financial crime prevention 

reflects a steady evolution from legal and institutional analyses toward 

data-driven and technology-enabled approaches. Foundational works on 

anti-corruption and asset recovery emphasize the central role of 

international cooperation, legal harmonization and institutional capacity. 

Scholars such as Pieth (2011) and Stephenson et al. (2011) have 

underscored that the complexity of cross-border asset tracing lies not 

only in divergent legal systems but also in political will, mutual trust and 

evidentiary standards. These traditional perspectives provide the 

conceptual foundation for understanding how global governance 

frameworks such as the United Nations Convention against Corruption 

(UNCAC) shape the mechanisms of asset recovery. 
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A significant body of policy-oriented research, including reports from the 

World Bank and UNODC’s Stolen Asset Recovery (StAR) Initiative, has 

documented both progress and persistent obstacles in the practical 

implementation of UNCAC Chapter V. The StAR publications, such as 

Barriers to Asset Recovery (2011) and Going for Broke: Mutual Legal 

Assistance in Action (2014), highlight systemic inefficiencies, lack of 

transparency in beneficial ownership registries and difficulties in tracing 

assets across multiple jurisdictions. These findings reveal that even when 

legal tools exist, operational and analytical capacities often lag behind 

the sophistication of illicit financial networks. 

3.2  Use of Technology in Financial Crime Investigations  

 

Recent literature increasingly examines how emerging technologies can 

strengthen the fight against corruption and financial crime. Scholars such 

as Levi and Reuter (2020) and Sharman (2021) highlight that 

digitalization, big data and artificial intelligence (AI) can radically improve 

investigative capacity by revealing hidden financial connections far more 

quickly and accurately than manual methods. Research in RegTech and 

SupTech reinforces this view, showing that AI-driven analytics can 

enhance regulatory compliance, AML supervision and suspicious 

transaction monitoring. 

Technology plays a critical role in streamlining financial investigations, 

particularly during the asset tracing phase, where large datasets must be 

analysed to detect suspicious patterns. While simple cases may be 

reviewed manually, even moderately complex investigations require 

scanning software or advanced analytical tools. Visual mapping tools 

such as link charts connecting entities, transactions and assets also 

support investigators in presenting findings to prosecutors and judges. 

A wide range of commercial and licensed technologies now assist with 

financial investigations including AI and machine learning systems 

capable of tracking illicit movements and linking assets to criminal 

activity in real time. However, authorities must carefully evaluate these 

tools, understand the data and assumptions on which they rely and 

ensure that systems are adapted to domestic legal and operational 

contexts. Because financial investigations involve sensitive personal data, 

investigators must ensure that private information is processed only 

within secure, closed systems. 

Open-source intelligence (OSINT) is increasingly valuable for asset 

recovery, but access must be anonymized so that investigators’ identities 

are not traceable particularly on social media platforms. Additionally, 

modern investigations often require specialized capability to access and 

navigate the dark web safely and lawfully. 
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3.3  Artificial Intelligence in Anti - Money Laundering and Compliance  

 

The literature on Artificial Intelligence (AI) in financial crime compliance 

highlights its transformative potential. AI techniques including machine 

learning, network analysis and natural language processing (NLP) have 

proven effective in detecting anomalies, analysing unstructured data and 

uncovering beneficial ownership links that would be difficult to identify 

manually. According to FATF’s 2021 report on new technologies for 

AML/CFT, these tools can significantly improve the accuracy of risk 

detection while reducing false positives in both public and private sector 

systems. At the same time, scholars caution against challenges such as 

algorithmic bias, data protection requirements and the need for 

explainable AI in legal proceedings. 

AI refers to computational systems designed to mimic human 

intelligence, enabling them to recognize patterns, make predictions and 

support decision-making by processing large amounts of structured and 

unstructured data. Machine learning a key subset of AI allows systems to 

learn from data with minimal human intervention, improving their ability 

to identify complex patterns, detect anomalies and enhance monitoring 

processes. Advanced forms such as deep learning use neural networks to 

autonomously refine their performance, making them especially effective 

for large datasets. 

NLP enables computers to interpret and analyse human language, while 

fuzzy logic provides a method for handling imprecise or incomplete 

information. Together, these technologies help reduce false positives and 

improve data quality in processes such as sanctions screening, PEP 

identification and fraud detection. They also enhance link analysis by 

connecting disparate data sources for example correlating search results 

with PEP lists or matching names across inconsistent datasets. 

Overall, AI complements and does not replace traditional AML/CFT 

systems by increasing efficiency, improving risk identification and 

automating routine analytical tasks. AI-enabled transaction monitoring 

can process alerts faster and more accurately, provided the models are 

properly trained and validated. However, human oversight remains 

essential, especially for complex or high-risk cases. To fully meet 

supervisory expectations, AI systems must also strengthen their 

transparency, explainability and auditability. 

3.4  Identified Research Gap and Theoretical Contribution  

The intersection of AI and asset recovery remains relatively 

underexplored in academic literature. While AI applications in AML/CFT 

and fraud detection are well-documented, few studies have addressed 

their potential integration into the asset tracing and repatriation 

processes governed by UNCAC and StAR. A small but growing body of 
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work including pilot projects led by international organizations and 

investigative journalists (e.g., ICIJ’s data-driven analysis of offshore leaks) 

demonstrates the feasibility of using AI-based tools for uncovering 

hidden financial structures and tracing proceeds of corruption. These 

examples underscore the opportunity for interdisciplinary research that 

bridges data science, law and governance. 

This paper contributes to the emerging discourse by addressing this gap. 

It synthesizes insights from legal, policy and technological literature to 

propose a practical framework for integrating AI into global asset 

recovery systems. By drawing on both theoretical perspectives and real-

world case studies, the study advances the argument that AI can 

transform asset recovery from a reactive, fragmented process into a 

proactive, intelligence-led mechanism aligned with the principles of 

transparency, accountability and international cooperation set forth by 

UNCAC. 

3.5  Role of FIU in Asset Recovery  

Financial Intelligence Units (FIUs) play an essential role in global efforts 

to recover stolen assets, serving as the primary agencies responsible for 

collecting, analysing and disseminating financial intelligence. Their 

strategic position within national AML/CFT frameworks allows them to 

identify illicit financial flows, uncover complex ownership structures and 

support the tracing of assets connected to corruption, fraud and money 

laundering. As corruption schemes become increasingly sophisticated 

and transnational, the FIU’s function as an early-warning and intelligence-

driven actor has become central to protecting public resources and 

strengthening accountability. 

One of the core contributions of FIUs to asset recovery lies in their ability 

to trace and identify assets through the analysis of Suspicious 

Transaction Reports, banking data, property registries, corporate records 

and open-source information. By examining large volumes of financial 

data, FIUs uncover hidden links between individuals, companies and 

assets, thereby enabling investigators to follow money flows that would 

otherwise remain concealed. In many jurisdictions, FIUs also possess the 

legal authority to suspend or freeze transactions at short notice, allowing 

them to act rapidly when assets are at risk of being transferred or 

dissipated. These powers can significantly strengthen both domestic 

investigations and international requests for urgent action. 

FIUs are also key facilitators of cross-border asset recovery. Through 

secure communication platforms such as the Egmont Secure Web, 

regional ARIN networks and bilateral intelligence-sharing arrangements. 

They can exchange information more efficiently than formal mutual legal 

assistance channels. This rapid pre-MLA intelligence exchange helps 

build timely financial profiles, locate assets abroad and coordinate 
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freezing actions across multiple jurisdictions. In addition, FIUs contribute 

to broader national strategies by producing strategic analysis that 

highlights high-risk sectors, emerging laundering methods and patterns 

such as unexplained wealth or asset-lifestyle mismatches. 

Technology has further expanded the FIU’s role in asset recovery. Many 

units now use AI-driven analytics, machine learning models and 

blockchain tracing tools to analyse large datasets, detect anomalies and 

visualise networks of transactions. These tools not only enhance the 

speed and accuracy of investigations but also help communicate complex 

financial patterns to prosecutors and judges. However, FIUs continue to 

face challenges including limited legal authority, inadequate access to 

beneficial ownership information, insufficient technological resources 

and varying levels of international cooperation. Capacity gaps in data 

analytics, digital forensics and specialised financial investigation skills 

further constrain their effectiveness. 

Strengthening FIUs requires a comprehensive policy response. 

Governments should reinforce the legal mandates of FIUs, ensuring they 

have the authority to freeze assets and access key financial and 

administrative databases. Investment in advanced analytics tools, secure 

data systems and AI-enabled platforms is needed to support modern 

financial investigations. Improving international cooperation through the 

Egmont Group and regional ARIN networks is equally essential, as is 

fostering multi-agency collaboration via joint task forces and shared 

intelligence frameworks. Finally, sustained capacity-building initiatives 

are crucial to equip FIU analysts with expertise in areas such as crypto-

asset tracing, link analysis and emerging laundering typologies. 

Hence, FIUs are indispensable to effective asset recovery efforts. 

Enhancing their powers, resources and cooperation mechanisms will 

significantly improve a country’s ability to trace, freeze and reclaim illicit 

assets. Strengthening FIUs is not only a matter of compliance with 

international standards it is a strategic investment in transparency, 

accountability and financial integrity. 

4  Research Methodology  

This study adopts a qualitative and comparative research design to 

examine how Artificial Intelligence (AI) can enhance the effectiveness of 

stolen asset tracing and recovery across jurisdictions. The methodology 

combines case study analysis, documentary research and a conceptual 

framework approach, allowing for both empirical grounding and 

theoretical innovation. The goal is to assess the applicability of AI-based 

techniques to real-world challenges in asset recovery and to propose a 

policy-relevant model that aligns with international anti-corruption 

frameworks, particularly those established under UNCAC, StAR Initiative, 
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FATF, Basel Institute on Governance, Interpole, Egmont Group and 

Transparency International. 

4.1  Research Design and Approach  

The research follows an exploratory approach, appropriate for studying 

a relatively new and underexplored field the intersection of AI and asset 

recovery. It draws from both primary and secondary sources to map 

existing processes, identify operational bottlenecks and conceptualize 

how AI technologies can provide scalable solutions. The qualitative 

design allows for interpretive depth, focusing on patterns, relationships 

and contextual analysis rather than quantitative measurement. 

4.2  Data Collection and Sources  

Data for this study were collected from a combination of academic 

literature, policy documents, official reports and open-source intelligence 

(OSINT) databases. The key sources include: 

• International and Institutional Reports:  Publications by UNCAC, 

StAR Initiative, FATF, Basel Institute on Governance, Interpole, 

Egmont Group and Transparency International. 

• Academic Research:  Peer-reviewed journal articles on financial 

crime, AI and regulatory technology. 

• Public Databases:  Beneficial ownership registries, corporate 

databases (e.g. Open Ownership, Orbis) and leaks from investigative 

consortia such as the ICIJ (Panama, Paradise and Pandora Papers). 

• Case - Related Documentation:  Publicly available court filings, 

government recovery reports and news archives relating to the 

Abacha loot, 1MDB and Uzbekistan–Swiss cases. 

This multi-source strategy ensures triangulation, improving both the 

credibility and comprehensiveness of findings. 

4.3  Analytical Framework and AI Techniques  

To assess the potential role of artificial intelligence in asset tracing, this 

study conceptually evaluates three core analytical techniques that 

underpin modern financial-crime detection systems. 
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Network Analysis  

Network analysis enables the mapping and visualization of relationships 

among individuals, corporations, trusts, intermediaries and offshore 

entities. By reconstructing multi-layered ownership structures across 

jurisdictions. This technique helps uncover hidden beneficial ownership, 

nominee arrangements and the use of shell companies to obscure illicit 

asset flows. 

Anomaly Detection  

Anomaly detection leverages machine-learning models to identify 

unusual financial behaviour transactions, asset transfers or account 

activities that deviate from established patterns. Such deviations may 

signal attempts to conceal proceeds of corruption, rapidly move assets 

during investigations or exploit high-risk jurisdictions. This technique 

allows investigators to prioritise high-risk leads and detect red flags in 

near real time. 

Natural Language Processing (NLP)  

Natural Language Processing (NLP) algorithms extract actionable 

intelligence from large volumes of unstructured text, including leaked 

files (e.g. Pandora Papers), sanctions lists, corporate disclosures, 

politically exposed person (PEP) databases and judicial records. By 

automating entity recognition and relationship extraction. NLP helps 
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identify hidden connections, conflicts of interest and corruption-linked 

behaviour that would be difficult to detect manually. 

Although this research does not develop new algorithms, but it outlines 

how these techniques could be integrated into a unified digital asset-

recovery system capable of supporting investigators, FIUs and 

prosecutors throughout the tracing lifecycle. 

 

4.4  Ethical and Legal Considerations  

Given the sensitivity of financial data and privacy implications of AI 

applications, the study adheres to principles of data protection, 

proportionality and due process. The conceptual model assumes that any 

AI-based system for asset recovery must operate under strict legal 

oversight, ensuring compliance with international human rights 

standards and data privacy regulations such as the EU General Data 

Protection Regulation (GDPR). 

4.5  Limitations of the Study  

The research acknowledges certain limitations. First, as the study is 

primarily conceptual and qualitative, it does not involve empirical testing 

of AI tools or access to confidential financial intelligence data. Second, 

the findings rely on publicly available sources, which may limit the 

granularity of analysis. Finally, variations in national legal frameworks 

and data accessibility may constrain the universal applicability of the 

proposed model. 

Despite these limitations, the study provides a valuable foundation for 

future empirical and policy-oriented research aimed at integrating AI into 

real-world asset recovery processes. 

5  Case Studies: Application of AI in Asset Recovery  

To illustrate the potential of Artificial Intelligence (AI) in enhancing stolen 

asset tracing, this section examines three significant cases of 

international asset recovery i.e. Nigeria’s Abacha Loot, Malaysia’s 1MDB 

Scandal and the Uzbekistan–Swiss Asset Repatriation. These cases were 

selected based on their scale, complexity and cross-border dimensions, 

representing distinct legal, institutional and political environments. 

Through a comparative lens, this section explores how AI-driven 

analytical tools could have contributed to improving detection, 

coordination and transparency in each recovery process. 

5.1  Nigeria’s Abacha Loot Recovery  

The case of Nigeria’s Abacha loot remains one of the most emblematic 

examples of large-scale asset misappropriation and international 

recovery cooperation. Between 1993 and 1998, General Sani Abacha and 
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his network siphoned billions of dollars from public funds, laundering 

them through shell companies, anonymous bank accounts and offshore 

structures across Europe and the Caribbean. Over the following two 

decades, Nigeria assisted by Switzerland, the United States and other 

jurisdictions managed to repatriate more than USD 1.5 billion through 

extensive legal and diplomatic efforts. 

Traditional asset recovery mechanisms in this case relied heavily on 

manual tracing of bank accounts, legal documentation and mutual legal 

assistance requests (MLAs). These methods were laborious, fragmented 

and time intensive. It is often constrained by jurisdictional secrecy and 

incomplete records. 

In case of AI tools, such as network analysis and anomaly detection had 

been systematically deployed, they could have significantly accelerated 

the identification of linked entities and financial intermediaries across 

multiple jurisdictions. Network mapping of transactional data and 

beneficial ownership records would have uncovered hidden connections 

among accounts. while anomaly detection models could have flagged 

suspicious transfers inconsistent with legitimate income patterns. 

Additionally, Natural Language Processing (NLP) could have been 

employed to extract and analyse information from legal filings, sanctions 

reports and media leaks, creating an integrated intelligence picture for 

investigators. 

Thus, the Abacha case exemplifies how an AI-driven framework could 

reduce investigative time that enhance cross-agency collaboration and 

improve evidence collection for asset freezing and repatriation. 

5.2  Malaysia’s 1MDB Scandal  

The 1Malaysia Development Berhad (1MDB) scandal exposed an intricate 

global web of corruption, involving high-level political figures, financial 

institutions and intermediaries across more than 10 countries. Between 

2009 and 2014, approximately USD 4.5 billion was allegedly 

misappropriated from the sovereign wealth fund and laundered through 

complex transactions involving shell companies, real estate, luxury 

assets and investment portfolios. 

The case was characterized by its data complexity and transnational 

scope, presenting an ideal scenario for the application of AI technologies. 

Traditional investigative processes required years of forensic accounting, 

document analysis and cross-border cooperation among regulators and 

enforcement agencies. 

AI-driven approaches particularly machine learning models trained on 

transactional and corporate network data could have provided early 

detection of irregular patterns and unusual money flows. Network 

analysis could have revealed overlapping ownership structures among 
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the offshore entities and intermediaries used to channel funds. NLP 

techniques could have synthesized information from a vast array of legal 

documents, emails and media disclosures to identify key actors and 

hidden linkages. Furthermore, a risk-based prioritization model could 

have helped focus investigative resources on jurisdictions and entities 

most likely to yield recoverable assets. 

The 1MDB case demonstrates how AI could transform investigations of 

complex financial crimes from reactive document-based exercises into 

proactive, intelligence-led operations aligning with global efforts to 

strengthen transparency and accountability under the UNCAC framework. 

5.3  Uzbekistan –Swiss Asset Repatriation  

The Uzbekistan-Swiss asset repatriation process, involving the return of 

over USD 130 million linked to the corruption network surrounding 

former Uzbek telecom regulators and foreign telecommunications 

companies. It illustrates the challenges of tracing assets dispersed 

through layered corporate structures, offshore accounts and 

intermediaries.  

The case required extensive forensic accounting, cross-border 

cooperation and analysis of complex financial records processes that 

could have been significantly enhanced through AI-driven tools. Machine-

learning models could have supported early detection of suspicious 

transactions and illicit enrichment patterns by analysing large volumes of 

banking and contractual data. Graph analytics could have illuminated 

hidden beneficial-ownership networks connecting shell firms, 

intermediaries and corporate entities implicated in bribery schemes. 

Natural-language processing (NLP) could have streamlined the review of 

court filings, contracts and mutual legal assistance documents across 

multiple languages, accelerating the identification of key actors and 

evidence.  

AI-enabled open-source intelligence and media monitoring could have 

uncovered inconsistencies, political connections and cross-jurisdictional 

linkages more quickly than manual methods. The Uzbekistan-Swiss 

repatriation case demonstrates how integrating AI into UNCAC-aligned 

asset recovery frameworks can strengthen the speed, accuracy, scope of 

tracing and further returning illicit assets in complex transnational 

corruption cases. 

5.4  Comparative Matrix of Asset Recovery and AI Opportunities  

The comparative analysis of Nigeria’s Abacha Loot, Malaysia’s 1MDB 

scandal and Uzbekistan–Swiss asset repatriation reveals three consistent 

trends as mentioned below;  

• All cases suffered from limited or fragmented data systems, delaying 

verification of ownership and slowing recovery. 
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• Although UNCAC and StAR provided strong legal foundations, 

operational investigative tools lagged the scale and complexity of 

modern financial crime.  

• AI techniques i.e. network analysis, anomaly detection and NLP could 

bridge these gaps by automating cross-border data integration, 

uncovering hidden ownership structures and guiding investigative 

priorities. 

6  Findings and Proposed Framework  

The comparative analysis of the three case studies Nigeria’s Abacha loot, 

Malaysia’s 1MDB scandal and the Uzbekistan–Swiss asset repatriation 

reveals clear insights into both the challenges and transformative potential 

of integrating Artificial Intelligence (AI) into stolen asset recovery 

processes. The findings underscore that while legal frameworks and 

institutional cooperation remain indispensable, the introduction of AI-

based methodologies can substantially enhance the speed, scope and 

precision of asset tracing and management. 

6.1  Key Findings  

The findings of this study can be summarized across three dimensions: 

operational efficiency, analytical capability and governance improvement. 

i. Operational Efficiency:  

AI tools such as machine learning and anomaly detection can automate 

data processing, reducing the time required for cross-border financial 

analysis and evidence collection. In cases like 1MDB and Abacha, manual 

tracing processes took years due to fragmented data and limited 

investigative resources. An AI-assisted system could have identified 

suspicious financial linkages in a fraction of the time, supporting early 

intervention and asset freezing. 

ii.  Analytical Capability:  

AI-driven network analysis can reveal concealed relationships between 

beneficial owners, intermediaries and legal entities across jurisdictions. 

This analytical power transforms the traditionally reactive investigative 

approach into a proactive intelligence framework, enabling authorities 

to detect corruption patterns before assets are dissipated. Natural 

Language Processing (NLP) also enhances the capacity to analyse 

unstructured data sources such as leaked documents, financial 

disclosures and legal records by extracting and linking relevant entities 

to ongoing investigations. 

iii.  Governance Improvement:  

AI supports improved transparency and oversight in post-recovery asset 

management. Through automated monitoring systems and public 
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dashboards. It also includes stakeholders i.e. civil society, oversight 

bodies and international partners can track repatriated funds and 

ensure they are used for their intended developmental purposes. This 

level of transparency reinforces accountability and reduces the risk of 

re-corruption. 

6.2  The Risk - Based AI Framework for Asset Tracing and Recovery  

The paper proposes a Risk-Based AI Framework for Asset Tracing and 

Recovery, designed to optimize investigative prioritization and facilitate 

cooperation between jurisdictions. The framework operates across three 

core phases Detection, Prioritization and Coordination. It also integrates 

both technological and governance components. 

i. Phase 1: Detection -  AI - Enhanced Asset Identification  

This phase employs AI-driven tools such as network analysis, anomaly 

detection and NLP to identify suspicious entities, transactions or ownership 

structures. The system cross-references open data (e.g. beneficial 

ownership registries, sanctions list ICIJ leaks) with structured datasets (e.g. 

banking or corporate records) to uncover concealed wealth and potential 

links to public officials. 

ii. Phase 2: Prioritisation  -  Risk - Based Targeting  

Once assets and entities are identified, a risk-scoring model evaluates each 

case based on variables such as asset value, recovery feasibility, 

jurisdictional cooperation and public interest. The highest-risk or highest-

value cases are prioritized for investigative focus. This approach aligns with 

the risk-based principles of FATF and StAR, ensuring optimal resource 

allocation and strategic decision-making. 

iii.  Phase 3: Coordination -  Cross - Border Collaboration and Data 

Sharing  

The framework envisions a secure digital collaboration platform supported 

by international institutions (e.g. UNODC, World Bank, INTERPOL) to 

facilitate real-time information exchange and case coordination. AI-assisted 

translation, document summarization and data visualization features can 

help standardize communication among multiple jurisdictions and 

agencies.  

6.3  Model Strengths, Limitations  and  Feasibility  

i. Strengths:  

The proposed framework enhances asset tracing efficiency, reduces 

duplication of effort and improves transparency across borders. It 

provides a scalable solution adaptable to both developed and 

developing jurisdictions, supporting evidence-based decision-making in 

asset recovery. 
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ii. Limitations:  

Implementation depends on data availability, interoperability of 

information systems and the willingness of jurisdictions to share 

intelligence. Additionally, legal concerns regarding privacy, algorithmic 

bias and the admissibility of AI-generated evidence remain unresolved. 

 

 

iii. Feasibility:  

Pilot projects could be initiated under existing international initiatives 

such as StAR or within regional anti-corruption platforms. Initial 

implementation may focus on technical cooperation, training and data 

standardization before scaling toward a fully operational AI-supported 

asset recovery ecosystem. 

In essence, the findings confirm that AI can act as a force multiplier for 

traditional asset recovery mechanisms. It enhances analytical reach, 

accelerates investigations and strengthens transparency in both tracing 

and post-recovery phases. The proposed Risk-Based AI Framework 

bridges the gap between technological innovation and governance 

imperatives laying the groundwork for a more proactive, collaborative 

and accountable global approach to stolen asset recovery. 

7  Legal, Ethical  and  Governance Considerations  

The integration of Artificial Intelligence (AI) into stolen asset tracing and 

recovery presents transformative opportunities but it also introduces a 

new layer of legal, ethical and governance challenges. As governments 

and institutions explore the potential of AI for enhancing efficiency and 

transparency, it is critical to ensure that these technologies operate 

within frameworks that uphold human rights, due process and the rule 

of law. Without robust oversight and ethical safeguards, the same 

technologies designed to strengthen integrity could inadvertently 

compromise fairness, privacy and accountability. 

7.1  Data Privacy and Protection  

The use of AI in asset recovery requires the processing of large volumes 

of financial, corporate and personal data across multiple jurisdictions, 

each governed by different privacy and data-protection regimes. This 

raises significant concerns regarding confidentiality, lawful processing 

and the risk of unauthorized access or misuse.  

The EU Artificial Intelligence Act  

To comply with international standards such as the EU General Data 

Protection Regulation (GDPR) AI systems used in asset tracing must 

incorporate principles of proportionality, data minimization and strict 

security controls. The EU Artificial Intelligence Act offers an important 

regulatory model by classifying AI systems according to four levels of 
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risk, ranging from prohibited “unacceptable risk” applications. It includes 

manipulative technologies, to high-risk systems that face extensive 

obligations related to data governance, documentation, transparency, 

human oversight and cybersecurity. These high-risk requirements apply 

to providers placing AI systems on the EU market, including developers 

based outside the EU when their outputs are used within the Union, while 

users deploying these systems also bear responsibilities, though to a 

lesser extent.  

Limited-risk AI is subject only to basic transparency obligations, whereas 

minimal-risk applications remain largely unregulated. The Act also 

introduces specific rules for general-purpose AI models, requiring all 

providers to supply technical documentation, follow copyright rules and 

publish summaries of training data. It also includes additional obligations 

such as adversarial testing and incident reporting for models deemed 

systemically risky.  

To ensure that AI enhances rather than compromises the integrity of 

asset recovery, governments must establish clear protocols specifying 

what data can be collected, who may access it and under what conditions 

it may be shared. Privacy-by-design principles, robust anonymization, 

encryption and transparent audit trails must be embedded into AI 

systems from the outset to protect sensitive information and reduce risks 

during domestic and cross-border cooperation. 

7.2  Due Process and Evidentiary Integrity  

The integration of AI into asset tracing and recovery processes must align 

with internationally recognized principles of due process and fair trial 

guarantees core commitments embedded in UNCAC Chapter V. Asset 

recovery measures often affect property rights, cross-border legal 

cooperation and the presumption of innocence. Therefore, the 

evidentiary standards governing AI-generated insights must be 

exceptionally robust. As highlighted by the FATF (2021) report on New 

Technologies, AI-derived outputs should be treated as intelligence rather 

than evidence unless they undergo independent verification through 

conventional investigative methods. AI’s probabilistic reasoning cannot 

independently meet the evidentiary thresholds required for the freezing, 

seizure or confiscation of assets. Ensuring corroboration protects judicial 

legitimacy and prevents undue reliance on opaque, potentially biased 

algorithms in legal proceedings. 

Explainability and Algorithmic Transparency as Conditions for Fair Asset 

Recovery  

Transparency and explainability are critical for ensuring that AI tools 

used in financial investigations comply with the rule-of-law obligations 

emphasized by the StAR Initiative and international asset recovery 
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guidelines. Stakeholders including defendants, investigators, 

prosecutors and oversight bodies must be able to understand how an 

AI model generated a specific alert, network link or risk score. The 

emerging requirements under the EU Artificial Intelligence Act (2024) 

provide a valuable regulatory benchmark. High-risk AI systems used in 

financial crime prevention must incorporate mechanisms for 

traceability, human oversight and explainability. In the asset recovery 

context, Explainable AI (XAI) ensures that algorithmic outputs remain 

contestable and reviewable, protecting the fairness of proceedings and 

avoiding situations where automated systems drive decisions without 

meaningful human assessment. 

Documentation, Disclosure  and  Trust Building in AI - Supported 

Asset Tracing  

To strengthen trust, AI systems deployed in asset tracing must provide 

clear documentation, including algorithmic logic, training dataset 

sources, model validation methods and mechanisms for monitoring bias 

or model drift. These obligations, reflected in the EU AI Act’s high-risk 

requirements, support the creation of verifiable audit trails that enhance 

the credibility of AI outputs in judicial and cooperation processes. The 

World Bank-UNODC StAR Initiative emphasizes that cross-border asset 

recovery depends on transparency and accountability in investigative 

tools, especially when states exchange sensitive financial intelligence. 

Thorough documentation ensures that investigators, FIUs and courts 

can evaluate whether the AI behaves consistently across jurisdictions 

and complies with privacy, data protection and procedural safeguards. 

Transparency, Explainability  and  Interpretability: Ensuring Legal 

Validity and Ethical Alignment  

For AI-driven analysis to be legally defensible and ethically sound, 

systems must integrate three mutually reinforcing principles: 

• Transparency : It is defined as clarity on how the AI system was 

developed, trained and implemented. Transparency is enabling 

compliance with FATF and EU regulatory expectations. 

• Explainability (XAI) : It is defined as an insight into how the model 

produced specific results essential for evidentiary review in asset 

recovery cases. 

• Interpretability : It is defined as human understanding of the 

model’s overall logic, enabling investigators to predict and 

contextualize system behaviour. 

Together, these principles ensure that AI strengthens asset recovery 

without compromising human rights, fairness or public trust. They allow 

states to leverage advanced analytics while upholding the integrity of 
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judicial processes an imperative for effective, accountable and 

internationally coordinated stolen asset recovery, aligned with IACA’s 

mission and UNCAC’s global standards. 

7.3  Accountability and Governance  

The deployment of artificial intelligence (AI) in asset tracing and recovery 

introduces profound governance and accountability considerations that 

are central to safeguarding due process, human rights and the integrity 

of cross-border investigations. As AI tools become more embedded in 

international anti-corruption frameworks, ensuring that their use remains 

lawful, ethical and transparent. It is essential for maintaining public trust 

and supporting the legitimacy of asset recovery outcomes. 

Accountability Structures for AI - Enabled Asset Recovery  

AI does not diminish or replace institutional responsibility. Public 

authorities engaged in tracing, freezing and recovering stolen assets 

must remain fully accountable for decisions informed by AI systems. 

Clear governance mechanisms are needed to delineate responsibility for 

system design, implementation, oversight and the interpretation of 

algorithmic outputs. This aligns with the principles of fairness and 

legality enshrined in international standards such as UNCAC Chapter V. 

By maintaining human accountability, states prevent undue reliance on 

automated systems and ensure that AI serves as a decision-support 

instrument rather than a substitute for expert judgment. 

Oversight Mechanisms and Ethical Safeguards  

To ensure that AI tools operate within appropriate legal and ethical 

parameters, independent oversight bodies should review their design and 

performance. These entities such as AI ethics boards, internal audit 

divisions or cross-agency review committees play a critical role in testing 

algorithms for accuracy, bias and compliance with privacy and evidentiary 

rules. Regular reviews help identify potential discriminatory effects or 

technical flaws that could compromise asset recovery outcomes. 

Oversight mechanisms also reinforce procedural rights by ensuring that 

the use of AI in financial investigations remains contestable, transparent 

and subject to meaningful human supervision. 

International Coordination and Governance Infrastructure  

Given the transnational nature of illicit financial flows, AI governance in 

asset recovery requires harmonized global standards. Existing platforms 

such as the StAR Initiative can coordinate this effort but emerging 

proposals such as the establishment of an International AI Lab for Asset 

Recovery offer additional pathways for structured cooperation. Such 

institutions could develop ethical guidelines, create interoperable 

governance models, provide technical support to developing jurisdictions 
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and establish minimum benchmarks for algorithmic accountability. A 

unified governance architecture would strengthen cross-border 

information exchange and mitigate disparities in technological capacity. 

Principles of Responsible AI Governance  

Responsible AI governance encompasses policies, standards and 

guardrails that ensure AI systems operate safely, ethically and in 

alignment with societal values. Because AI systems are designed and 

trained by humans, they are vulnerable to embedded biases, errors and 

misinterpretations that can adversely affect individuals and institutions. 

Governance frameworks mitigate these risks through rigorous data-

quality controls, continuous model evaluation, privacy protections and 

transparent documentation. Key principles include empathy toward social 

impact, strict bias monitoring, clear transparency obligations and 

proactive accountability. In asset recovery, these principles help prevent 

wrongful suspicion, unjust freezing orders or disproportionate 

investigative actions. 

Sustaining Trust, Compliance  and  Model Reliability  

As AI becomes more deeply integrated into financial intelligence and 

investigative processes, governance must extend beyond initial 

compliance to ensure long-term reliability. AI models can drift over time, 

affecting accuracy and producing inconsistent or erroneous outputs. 

Ethical governance thus requires continuous monitoring, periodic 

recalibration and mechanisms for reporting performance changes. High-

profile failures in other domains such as biased predictive sentencing 

tools demonstrate the potential harms of inadequate oversight. A 

sustained governance approach enhances trust, reduces legal and 

reputational risks. It also ensures that AI supports the broader goals of 

fairness, transparency and rule of law in asset recovery. 

Shared Institutional Responsibility  

Effective AI governance is not the role of a single agency or technical team 

but a shared institutional responsibility. Senior leadership sets the ethical 

tone and establishes organizational culture, legal units ensure 

compliance with regulatory and human rights standards, risk and audit 

teams validate model performance and financial oversight units manage 

the resource implications of AI initiatives. In the context of asset 

recovery, where investigatory outputs may influence cross-border 

cooperation or judicial decisions, cohesive governance across institutions 

is indispensable. A collective approach ensures that AI enhances 

investigative capacity while upholding the highest standards of 

accountability. 



 29  
 

7.4  Balancing Innovation with Human Rights  

Safeguarding Rights in AI Use  

AI can accelerate asset tracing and uncover complex financial networks, 

but its deployment must uphold due process, fairness and 

accountability. A human-centred approach ensures AI supports expert 

judgment without undermining the legal protections central to UNCAC 

Chapter V. 

Transparency and Contestability  

Opaque algorithms risk producing unchallengeable or biased outcomes 

with serious legal consequences. Explainable and transparent AI is 

essential to protect procedural rights, enable judicial review and 

maintain trust in cross-border recovery efforts. 

Equity for Developing States  

Countries most affected by illicit financial flows often lack access to 

advanced investigative technologies. Ethical AI integration requires 

capacity-building and international cooperation through initiatives like 

StAR to prevent widening global disparities in asset recovery 

capabilities. 

Addressing Human Rights Risks  

AI systems may embed bias, threaten privacy or enable disproportionate 

surveillance. Strong oversight, data-protection safeguards and 

adherence to emerging regulatory standards such as GDPR principles 

are necessary to prevent rights-violating outcomes. 

Toward Rights - Aligned Governance  

International and national frameworks including the UN Guiding 

Principles and evolving AI regulations provide models for balancing 

innovation with human rights. Embedding these safeguards ensures AI 

enhances asset recovery while preserving accuracy, legitimacy and 

public trust. 

7.5  Governance Implications for UNCAC and StAR  

Aligning AI with UNCAC and StAR Responsibilities  

The growing adoption of artificial intelligence in asset tracing and 

financial investigations presents both significant opportunities and 

governance responsibilities for global anti-corruption bodies, 

particularly UNCAC and the StAR Initiative. These frameworks are well 

positioned to guide countries in integrating AI responsibly by 

establishing model guidelines, standardizing cross-border data-sharing 

processes and promoting safeguards that uphold privacy, due process 

and accountability. Rather than treating AI as a disruptive external tool, 
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UNCAC and StAR emphasize its value as an enabler that can enhance 

state capacity to meet obligations under UNCAC Chapter V, including 

the identification, tracing, freezing and return of illicit assets. 

Embedding ethical governance principles such as transparency, 

explainability, non-discrimination and secure data handling into AI-

assisted tracing systems will ensure that technological adoption 

strengthens integrity, supports evidence-based decision-making and 

contributes to fair, transparent and sustainable global asset recovery 

outcomes. 

Risk - Based AI Regulation and Its Implications for Asset Recovery  

The EU Artificial Intelligence Act provides a relevant regulatory 

benchmark for countries seeking to integrate AI into sensitive domains 

such as asset recovery. The Act adopts a comprehensive, risk-based 

framework that categorizes AI into four levels of risk. Unacceptable-risk 

systems such as manipulative technologies or social scoring are 

completely prohibited. High-risk systems, which include many AI tools 

relevant to financial analysis, regulatory monitoring and investigative 

decision-support, are regulated through stringent requirements 

covering data governance, documentation, transparency, human 

oversight and cybersecurity. These obligations apply not only to EU 

providers but also to foreign developers whose AI outputs reach EU 

users. Limited-risk applications are subject to basic transparency duties, 

ensuring individuals know when they are interacting with AI, while 

minimal-risk tools face no specific obligations. 

The Act also introduces tailored requirements for general-purpose AI 

(GPAI) models, mandating technical documentation, copyright 

compliance and transparency regarding training data. Where GPAI 

systems pose systemic risks, additional obligations apply such as 

adversarial testing, incident reporting and enhanced cybersecurity 

measures. This regulatory structure offers valuable guidance for 

integrating AI into asset recovery processes, highlighting how 

innovation can be balanced with the protection of fundamental rights, 

data integrity and legal safeguards. For UNCAC and StAR members, the 

EU framework demonstrates how a structured approach to AI 

governance can support responsible, trustworthy and legally compliant 

use of advanced technologies in tracing and recovering stolen assets. 

8  Policy Implications and Recommendations  

8.1  Integration of AI within UNCAC and StAR Frameworks  

Artificial intelligence (AI) is broadly understood as a suite of technologies 

that enable machines to replicate aspects of human intelligence in solving 

complex problems (Aarvik 2019). Within this spectrum, machine learning 

(ML) allows algorithms to be trained on historical data, creating the 
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potential still largely theoretical in asset recovery for predicting future 

asset movements or identifying jurisdictions where illicit assets may be 

concealed (Chandrawat & Partners n.d.). 

As FATF notes, the heavy volume of suspicious activity reports (SARs) 

overwhelms financial intelligence units (FIUs), making manual review 

slow and resource intensive. AI-driven systems can automate SAR 

analysis, rapidly flag unusual patterns and redirect human capacity 

toward higher-value investigative work. Real-world deployments, such as 

FinCEN’s AI platform in the United States which scans SARs across more 

than 60 databases and has supported recoveries exceeding USD 375 

million demonstrate the operational benefits. Similar initiatives in Canada 

and Brazil show AI’s growing role in generating corruption leads and 

enhancing financial surveillance. 

However, the effective use of AI depends on high-quality data, 

transparency and strong governance safeguards. Risks include 

algorithmic bias, privacy violations, opaque system design and 

uncertainty over whether AI-generated alerts meet legal standards such 

as probable cause. These limitations underline the need for responsible 

deployment frameworks aligned with UNCAC, FATF and StAR guidance. 

Countries should establish an AI Governance Framework for Asset 

Recovery that mandates. 

(i) Minimum data-quality and interoperability standards for FIUs. 

(ii) Independent oversight to audit algorithms for bias, accuracy 

and explainability. 

(iii) Clear legal thresholds for using AI-generated intelligence in 

investigations.  

 

This ensures that AI strengthens, rather than substitutes, human 

judgment enhancing transparency, safeguarding rights and improving 

asset recovery outcomes. 

8.2  Establish an International AI Lab for Asset Recovery  

A key policy recommendation is the establishment of an International AI 

Lab for Asset Recovery, jointly administered by the United Nations Office 

on Drugs and Crime (UNODC) and the World Bank Group and operating 

under the mandate of the Stolen Asset Recovery (StAR) Initiative. This 

proposed Lab would serve as a global digital governance mechanism to 

accelerate the integration of artificial intelligence into financial 

investigations, asset tracing, confiscation and international cooperation 

processes. Its mandate would align with UNCAC Chapter V, FATF 

Standards and the G20 Anti-Corruption Action Plan, ensuring legal 

coherence and international legitimacy. 

Core Functions of the International AI Lab  
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The Lab would act as a multilateral centre of excellence with three 

primary operational pillars: 

The First Pillar -  Research and Development of AI - Based Tracing and 

Analytics Systems  

The Lab would foster innovation in applying AI to complex financial crime 

patterns, including: 

• Machine-learning systems for beneficial ownership mapping, 

identifying hidden corporate layers, proxy ownership and nominee 

structures. 

• AI-assisted network analysis to detect transaction laundering, shell 

companies, gatekeeper collusion and politically exposed person (PEP) 

asset diversion. 

• Natural-language processing (NLP) tools for analysing open-source 

intelligence (OSINT), leaks (e.g., Panama Papers-type datasets), cross-

border asset reporting and court documents. 

• Prototype automation for early-warning models, suspicious asset 

movement prediction and digital asset freeze triggers compliant with 

due process. 

 

This builds upon existing proofs of concept such as UNICRI’s AI research 

for law enforcement and INTERPOL’s Responsible AI Toolkit, 

demonstrating the feasibility of specialized AI systems in public-sector 

investigations. 

The Second Pillar -  Global Training and Capacity - Building  

The Lab would serve as the primary global training pipeline for AI-enabled 

asset recovery governance. Target beneficiaries include FIUs, anti-

corruption agencies, law enforcement bodies, prosecutors, asset 

management offices and central authorities coordinating MLA requests. 

Training modules would include: 

• AI literacy and digital forensics for economic crime. 

• Ethical deployment frameworks aligned with human rights, privacy 

and proportionality principles. 

• Use of shared AI platforms, secure data-sharing systems and 

analytical dashboards. 

• Sector-specific training for developing states, Small Island 

Developing States (SIDS) and financial secrecy jurisdictions. 

Training would be delivered through hybrid modalities, including digital 

academies, on-site fellowships, regional nodes and sandbox 

environments for safely testing AI tools. 
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The Third Pillar -  Standard - Setting for AI Ethics, Data Governance  

and  Cross - Border Evidence Management  

The Lab would develop model standards and protocols to support 

harmonization of AI deployment across jurisdictions. Outputs may 

include: 

• AI Governance Frameworks aligned with the OECD AI Principles, the 

EU AI Act and the INTERPOL-UNICRI Responsible AI guidance. 

• Model laws and MLA templates recognizing algorithmic 

intelligence outputs, AI-generated risk scores and digital asset 

traces as admissible supporting intelligence within due-process 

frameworks. 

• Secure digital protocols for the exchange of forensic data, audit 

logs and AI-derived insights. Ensuring compliance with data 

protection frameworks such as GDPR, the African Union 

Convention on Cyber Security and the FATF Recommendation 2 

Information-Sharing Requirements. 

This standardization would help resolve current fragmentation in 

international practice, enabling smoother cooperation and evidentiary 

exchange during cross-border confiscation efforts. 

The Role as a Neutral, Accessible Multilateral Platform  

To ensure equity and global participation, the Lab would operate as a 

neutral governance and technology clearinghouse, particularly serving 

low- and middle-income countries that currently lack AI infrastructure, 

forensic tools or digital investigation capacity. Through subsidized 

access, pooled AI services and shared regional platforms, the Lab would: 

• Reduce technological asymmetry between jurisdictions. 

• Promote transparency and peer accountability. 

• Serve as a trusted partner for multilateral prosecutions, joint 

investigations and asset-return negotiations. 

By creating a shared global ecosystem rather than a fragmented market 

of private tools, this structure prevents technological monopolies and 

supports rule-of-law-based state authority in asset recovery. 

8.3  Mandate Integration of Beneficial Ownership Registries with AI 

Systems  

Beneficial ownership (BO) transparency remains a cornerstone of effective 

asset recovery. As most complex corruption and money-laundering 

schemes rely on anonymous companies, trusts, nominees and multi-

layered corporate structures to conceal criminal assets. FATF 

Recommendations 24 and 25 require countries to ensure that competent 
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authorities have rapid, adequate, accurate and up-to-date access to BO 

information (BOI), enabling investigators, FIUs and law-enforcement 

authorities to distinguish between legal ownership and effective control. 

Despite improvements in preventive frameworks, major challenges 

persist. Criminals deliberately obscure the natural person who ultimately 

controls or benefits from an asset, often by using nominee directors, 

professional intermediaries (TCSPs, lawyers, accountants) or “nested” 

corporate structures across multiple jurisdictions. Even when BO 

registries exist, records may be false, outdated or unverifiable. As a 

result, investigators frequently rely on complementary techniques 

financial analysis, link analysis, transaction tracing and international 

cooperation to prove beneficial ownership or control in confiscation 

proceedings. 

AI’s Contribution to Beneficial Ownership Tracing  

Artificial Intelligence significantly enhances the ability to uncover 

beneficial ownership relationships that would otherwise remain hidden. 

AI-driven tools can: 

• Crossmatch BO registries, tax records, corporate filings and SAR 

data to identify inconsistencies, false declarations and undeclared 

controllers. 

• Use machine-learning anomaly detection to flag entities whose 

ownership structures deviate from legitimate corporate behaviour. 

• Apply network and graph analytics to map relationships between 

companies, nominees, intermediaries and assets revealing hidden 

control patterns. 

• Use Natural Language Processing (NLP) to extract ownership clues 

from unstructured documents such as emails, contracts, court 

filings and leaked datasets. 

• Predict high-risk shells or intermediaries based on past cases and 

typologies, supporting risk-based prioritisation of investigations. 

These tools complement BO registries by enriching raw data, exposing 

concealed links and allowing investigators to see beyond formal 

ownership declarations. 

Remaining Challenges and the Need for International Cooperation  

Even with AI-assisted analysis, beneficial ownership tracing still faces 

structural obstacles: 

• Uneven compliance with FATF R.24/25 across jurisdictions. 

• Lack of data standardisation and low-quality records in BO 

registries. 
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• Offshore secrecy jurisdictions that resist transparency reforms. 

• Complex “layered” corporate and trust structures that require 

multi-jurisdictional intelligence. 

• Difficulties in verifying BOI for foreign-formed companies. 

International cooperation remains essential, particularly as Immediate 

Outcome 2 emphasises timely sharing of BOI and other intelligence. AI 

can accelerate the tracing process but cannot substitute the legal and 

diplomatic mechanisms required for cross-border access to ownership 

information. 

 

Importance of Beneficial Ownership Information Across the Asset 

Recovery Lifecycle  

Reliable BOI is indispensable at every phase of asset recovery: 

• Identification and tracing:  Reveal who truly owns or controls 

assets behind proxies. 

• Freezing and seizure:  Demonstrate effective control to justify 

restraining orders. 

• Confiscation:  Prove that assets held by third-party entities 

ultimately benefit the offender. 

• Repatriation:  Establish clear ownership trails across jurisdictions. 

AI strengthens each of these stages by speeding up pattern recognition, 

exposing hidden relationships and reducing the manual workload 

involved in ownership verification. 

8.4  Promote Sustainable Funding Models for Developing Countries  

The integration of Artificial Intelligence (AI) into asset tracing and 

recovery has proven its potential to accelerate financial investigations, 

automate anomaly detection and enhance cross-border cooperation. Yet, 

despite technological promise, many jurisdictions particularly developing 

countries lack the stable resources required to adopt and maintain such 

systems. As AI deployment cannot rely on short-term projects or ad-hoc 

grants, establishing sustainable financing mechanisms is essential to 

ensure continuity, model retraining, cybersecurity upgrades and legal 

compliance aligned with UNCAC, FATF and StAR standards. 

A viable sustainable financing model in 2025 requires a diversified, multi-

layered structure. One approach is the creation of national asset recovery 

technology funds, partially financed through a designated percentage of 

confiscated proceeds, allowing recovered assets to reinforce future 

investigations. This model reduces long-term fiscal dependency and 
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aligns directly with the objective of deterrence and reinvestment. 

Complementing this, international donor mechanisms such as the World 

Bank StAR Initiative, regional development banks and multilateral anti-

corruption trust funds can support jurisdictions with limited 

technological or institutional capacity. 

A further sustainable model includes regional shared-service AI 

platforms, where multiple states subscribe to interoperable systems, 

reducing cost duplication and advancing harmonised analytics in line 

with FATF Recommendation 38 on international cooperation. This 

approach is particularly beneficial for small or resource-constrained 

jurisdictions. 

Hence, sustainable financing for AI in asset recovery is not merely a 

technical requirement but a governance imperative. Long-term and 

predictable investment is required to ensure equitable access, reduce 

technological asymmetries and transform AI from an experimental tool 

into a permanent pillar of global, intelligence-led asset recovery systems. 

8.5  Foster Public –Private Partnerships (PPPs) for Innovation  

Public-Private Partnerships (PPPs) are emerging as a critical cooperation 

mechanism in strengthening Anti-Money Laundering (AML) systems, 

enhancing financial intelligence and supporting effective cross-border 

asset recovery. As asset recovery increasingly relies on advanced 

analytics and digital intelligence, collaboration between Financial 

Intelligence Units (FIUs), law enforcement agencies (LEAs), financial 

institutions and technology providers is essential. Survey data indicates 

that approximately 34% of FIUs globally have already established PPP 

models, demonstrating growing institutional recognition of this 

mechanism. 

Strategic PPPs function as platforms for joint threat analysis, typology 

development and National Risk Assessments (NRAs). These frameworks 

enable regulators, reporting entities and technical experts to co-develop 

early-warning indicators, red flags and risk-based models aligned with 

FATF standards. It includes beneficial ownership transparency 

requirements under Recommendations 24 and 25. Legal instruments 

such as formal memoranda of understanding (MoUs) or statutory 

mandates often govern these arrangements to ensure structured 

participation and accountability. 

At the operational level, PPPs facilitate near real-time exchange of 

actionable intelligence to support ongoing investigations, including asset 

tracing, freezing orders, account monitoring and disruption of criminal 

networks. Such cooperation enables FIUs and LEAs to rapidly obtain 

financial information, prevent dissipation of illicit assets and improve the 

quality and timeliness of suspicious activity reporting (SARs). In some 
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jurisdictions, PPPs also support supervisory planning and targeted 

compliance engagement with high-risk reporting entities. 

The integration of Artificial Intelligence (AI) and advanced analytics 

significantly enhances the efficiency and scalability of PPPs. Machine 

learning, network-mapping and anomaly detection systems can identify 

hidden beneficial ownership structures, flag suspicious transaction 

patterns and strengthen SAR triaging processes. In multi-institutional 

settings, AI can automate information matching across datasets, reduce 

false positives and generate risk-scored alerts that align with FATF 

expectations for proactive, intelligence-led asset recovery. 

However, PPP implementation faces notable challenges. Barriers include 

divergent mandates, confidentiality constraints, interoperability gaps in 

digital infrastructures, fragmented regulatory environments and uneven 

resource availability particularly in cross-border PPP models. These risks 

intensify when private sector entities contribute funding, technology or 

analytical expertise, underscoring the need for ethical firewalls, 

transparency safeguards, privacy protections and clear evidentiary-use 

protocols. 

Despite these constraints, evidence indicates that PPPs improve 

efficiency, enhance detection capacities and accelerate the tracing, 

freezing and confiscation of illicit assets. As countries modernize 

recovery frameworks in line with UNCAC Chapter V, FATF’s 2023–2025 

asset recovery updates and the StAR Initiative. Expanding PPPs supported 

by AI-enabled platforms and harmonized legal frameworks presents a 

scalable pathway for strengthening global asset recovery outcomes. 

 

8.6  Strengthen International Legal Cooperation Frameworks  

 

Strengthening Legal and Technological Foundations for AI - Enabled 

Asset Recovery  

To modernize asset recovery and align with evolving global financial 

crime typologies, national and international frameworks must integrate 

both traditional legal safeguards and emerging digital capabilities. 

Strengthening preventive mechanisms consistent with FATF 

Recommendations remains foundational. Robust customer due 

diligence (CDD), politically exposed person (PEP) screening and verified 

beneficial ownership (BO) transparency are essential to prevent illicit 

proceeds from entering regulated systems. AI can enhance these 

preventive controls by automating BO verification, anomaly detection in 

client profiles and real-time monitoring of high-risk entities. Strong 
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regulatory enforcement and supervision remain critical to ensure 

compliance and to create meaningful deterrence. 

Digital Tools for Rapid Tracing and Freezing of Assets  

Timeliness is a decisive success factor in asset recovery. Jurisdictions 

should adopt digital tools such as centralized bank account registries, 

automated query systems and AI-assisted account-linkage analytics to 

rapidly identify whether suspects hold assets domestically or abroad. 

These digital solutions can support expedited freezing measures 

through administrative freezes, automated legal triggers (e.g., upon 

indictment) or judicial orders. AI-powered systems can map financial 

connections, detect unusual transfers and flag patterns associated with 

asset flight, significantly strengthening the ability to safeguard assets 

pending legal action. 

Diversified Legal Avenues for Confiscation  

A flexible legal architecture enhances the probability of successful 

recovery especially in complex corruption cases where traditional 

criminal prosecution is slow or impracticable. Alongside conviction-

based confiscation, jurisdictions should adopt frameworks for non-

conviction-based confiscation (NCBC), unexplained wealth orders and 

civil recovery actions. AI-supported evidence analysis and digital 

document review tools can help prosecutors establish ownership links, 

prove unexplained assets and strengthen evidence chains. In line with 

UNCAC, systems should enable the return of confiscated proceeds to 

victim states or rightful communities while protecting bona fide third-

party rights. 

Modernizing International Cooperation for a Digital Era  

Given the transnational nature of illicit financial flows, international 

cooperation mechanisms under UNCAC Chapter V and bilateral MLA 

treaties must evolve to accommodate AI-supported investigations and 

electronic evidence. Updated MLA templates should allow algorithm-

generated intelligence, forensic blockchain analytics and digital audit 

trails as admissible supplementary evidence. Cross-border cooperation 

should be enabled through secure data-sharing agreements, privacy-

respecting digital evidence frameworks and regional AI hubs capable of 

supporting real-time coordination. Freeze and confiscation requests 

should be executable on an expert basis to avoid tipping off suspects 

and enabling dissipation of assets. 

Institutional Capacity and Specialized Digital Units  

The establishment of multidisciplinary, digitally enabled asset recovery 

units including national cyber-forensic units is essential. These units 

should have access to AI platforms, BO registries, blockchain 



 39  
 

investigation tools and financial intelligence data. Their mandates 

should include proactive collaboration with foreign authorities, capacity 

to manage AI-driven investigations and technical support to developing 

jurisdictions. 

International Networks, Knowledge Sharing  and  Data Governance  

Active participation in networks such as StAR, CARIN, INTERPOL, Egmont 

Group, FATF regional bodies and UNCAC Working Groups enhances 

operational efficiency and shared learning. Governments should 

document and share anonymized case results through platforms such 

as the StAR Asset Recovery Database. AI systems can support 

benchmarking, performance monitoring and typology development 

enabling a feedback loop that strengthens policy and operational 

responses. 

Policy Summary  

To operationalize AI as an accelerator of global asset recovery, states 

must combine strengthened legal standards with digital capability 

investment. This includes: 

• Preventive controls aligned with FATF standards and enhanced 

through AI analytics. 

• Rapid digital tools for real-time tracing and freezing. 

• Multiple legal pathways for confiscation, supported by AI-enabled 

evidence assessment. 

• Modernized international cooperation frameworks capable of 

handling digital and algorithmic evidence. 

• Specialized institutional capacity and engagement in global 

cooperation networks. 

Through this integration, AI can transform asset recovery into a 

proactive, intelligence-led and internationally coordinated system. It will 

be significantly advance the objectives of UNCAC Chapter V and FATF’s 

2025 global policy direction. 

8.7  Ensure Ethical, Accountable  and  Transparent AI Deployment  

The implementation of AI in asset recovery must be anchored in ethical 

governance. 

The key steps include: 

• Developing AI ethics guidelines consistent with UNCAC’s principles of 

fairness, transparency and accountability. 

• Mandating algorithmic audits to prevent bias and misuse. 

• Requiring explainable AI (XAI) models in all investigative contexts to 

uphold due process and evidentiary integrity. 
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Embedding ethical oversight ensures that AI serves as a tool for integrity, 

not as a source of opacity or exclusion. 

Ethical Foundations for AI in Asset Recovery  

Ethics provides the moral framework to distinguish acceptable from 

harmful use of technology. In the context of asset recovery, AI ethics 

ensures systems are deployed to enhance transparency and justice while 

preventing misuse, discrimination and rights violations. AI introduces 

risks related to privacy, bias, algorithmic opacity, accountability gaps 

and potential misuse for surveillance or political targeting. As 

jurisdictions increasingly adopt AI for financial intelligence, beneficial 

ownership tracing and cross-border investigations, ethical safeguards 

become essential to maintain integrity and public trust. 

Key Ethical Principles Relevant to AI - Enabled Asset Recovery  

Ethical guidelines emerging from research, regulatory debate and 

governance models draw heavily from frameworks such as the Belmont 

Report, adapted for digital and algorithmic environments. Three core 

principles guide ethical AI in asset recovery: 

• Respect for Persons:  Individuals subject to data collection 

including suspects, intermediaries or politically exposed persons 

(PEPs) must be protected through lawful processing, 

proportionality and safeguards for digital rights. Consent, 

transparency and due-process protections are particularly 

important as AI may process sensitive or cross-border financial 

intelligence. 

• Beneficence:  AI systems should enhance the public interest by 

reducing harm from corruption and illicit finance. However, 

poorly designed or biased algorithms may amplify systemic 

inequalities or misidentify individuals based on incomplete or 

skewed datasets. Ethical deployment requires rigorous testing, 

validation and continuous monitoring. 

• Justice:  The benefits of AI such as improved detection of complex 

illicit networks or beneficial ownership structures must be 

distributed fairly across jurisdictions. Low-capacity states require 

technical support to avoid widening a digital divide in global asset 

recovery capabilities. 

Emerging Ethical Risks and Governance Challenges  

Generative AI and large-scale foundation models now capable of pattern 

recognition, predictive analytics and automated network mapping 

introduce both opportunity and risk. While these systems can accelerate 
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financial investigations, they may produce false inferences, embed bias 

or generate non-verifiable outputs. Concerns also arise around model 

transparency, explainability and accountability when automated 

systems shape freezing orders, alerts or enforcement decisions. 

Other ethical debate areas include: 

• Privacy and data governance, especially when AI processes 

sensitive financial or beneficial ownership data. 

• Discrimination risks in decision models used for PEP screening, 

sanctions matching or suspicious activity flagging. 

• Sovereignty and control of intelligence when using commercial AI 

platforms or PPP systems. 

 

Governance and Accountability Mechanisms  

Robust governance frameworks are necessary to regulate AI throughout 

its lifecycle from design and training to operational deployment and 

oversight. Effective ethical governance structures include: 

• Defined institutional responsibilities for model development, 

auditing and decision review. 

• Mandatory training for investigators, data analysts and system 

operators. 

• Continuous monitoring mechanisms to identify bias, drift, or 

misuse. 

• Use of specialized AI ethics boards or review committees, similar 

to IBM’s Responsible Technology Board, to oversee system 

deployment and assess risks. 

 

International models such as UNCAC, the EU AI Act and FATF 

technology-risk guidance increasingly require transparency, 

explainability and risk-based controls. 

Principles for Responsible and Trustworthy AI in Asset Recovery  

A responsible AI framework should incorporate: 

• Explainability : Ensuring algorithmic decisions used in investigations 

and freezing orders can be understood and challenged. 

• Fairness and Non - Discrimination : Avoiding disparate impacts on 

vulnerable groups or politically misused targeting. 

• Robustness and Security : Protecting systems from manipulation, 

spoofing or adversarial attacks. 

• Transparency : Enabling oversight authorities to evaluate how 

systems function and how data is used. 

• Privacy by Design :  Enforcing data minimization and lawful evidence 

standards, especially during cross-border cooperation. 
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As AI becomes embedded in financial crime prevention and asset 

recovery, ethics must evolve from aspirational guidance to enforceable 

standards. Responsible AI governance frameworks aligned with FATF, 

UNCAC and emerging global AI regulations are essential to balance 

innovation with legality, fairness, transparency and human rights. 

Without these safeguards, technological progress risks undermining 

trust, legitimacy and due process in global asset recovery systems. 

Collectively, these recommendations aim to institutionalize AI as a 

legitimate, ethical and inclusive mechanism within the global asset 

recovery architecture. By promoting innovation through structured 

governance rather than unregulated experimentation the international 

community can leverage AI to fulfil the objectives of UNCAC and StAR: 

restoring stolen assets, reinforcing justice and rebuilding public trust. 

9  Conclusion  

9.1  Summary of Research Contributions  

 

The global fight against corruption and illicit financial flows continues to 

face persistent barriers fragmented data, slow legal processes and 

limited investigative capacity. Despite robust international instruments 

such as the United Nations Convention against Corruption (UNCAC) and 

the Stolen Asset Recovery (StAR) Initiative, the effective recovery of stolen 

assets remains a complex, resource-intensive endeavor. This research 

has demonstrated that Artificial Intelligence (AI) offers a transformative 

opportunity to overcome these challenges and reshape asset recovery 

into a faster, smarter and more transparent process. 

Through the comparative analysis of major cases Nigeria’s Abacha loot, 

Malaysia’s 1MDB scandal and Uzbekistan–Swiss repatriation this study 

has shown how AI-driven tools, including network analysis, anomaly 

detection and natural language processing (NLP), can detect hidden 

connections among entities, trace complex financial flows and enhance 

accountability in post-recovery fund management. The proposed Risk-

Based AI Framework for Asset Tracing and Recovery provides a scalable 

and practical model for integrating technology within international 

cooperation structures. 

However, the adoption of AI also demands careful navigation of legal, 

ethical and governance concerns. Issues related to privacy, data 

protection, due process and the admissibility of AI-generated intelligence 

must be addressed through robust oversight and transparent 

frameworks. The research underscores that AI should serve as a 

complementary tool supporting, not substituting, human judgment and 

legal due diligence. 
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9.2  The Transformative Potential of AI in Asset Recovery  

 

To operationalize these findings, the paper calls for the establishment of 

an International AI Lab for Asset Recovery under the joint leadership of 

UNODC and the World Bank, the integration of beneficial ownership 

registries with AI systems and the creation of sustainable funding models 

for developing countries. It also emphasizes the need for public–private 

partnerships to bring technological expertise and innovation into global 

anti-corruption efforts. 

Ultimately, the integration of AI into stolen asset recovery represents 

both a technological breakthrough and a governance imperative. By 

reducing costs, accelerating investigations and closing loopholes 

exploited by corrupt actors, AI can significantly strengthen the integrity 

of the global financial system. The next critical step lies in implementing 

pilot projects within UNCAC and StAR frameworks to test, refine and build 

trust in AI-driven methodologies. 

If approached responsibly and collaboratively, AI can evolve from an 

emerging tool into a cornerstone of modern anti-corruption practice, 

enabling faster recovery of stolen wealth, stronger accountability and 

renewed public confidence in global governance. 
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11   Annexure:  

Annex I:  Comparative Matrix of Asset Recovery and AI Opportunities  

Below is the structured visual comparison matrix comparing the Nigeria 

Abacha Loot, Malaysia’s 1MDB Scandal and the Uzbekistan–Swiss Asset 

Repatriation emphasising on asset recovery challenges and potential AI 

applications. 
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Dimension Nigeria – Abacha Loot Malaysia – 1MDB Scandal Uzbekistan–Swiss Asset Repatriation

Estimated Amount Recovered
Over USD 3.6 billion traced across 

multiple jurisdictions

Approximately USD 4.5 billion 

misappropriated, ongoing multi-country 

recovery

Over USD 131 million repatriated by 

Switzerland to Uzbekistan

Key Features of the Case
Large-scale political corruption 

under military regime and decades 

of tracing and recovery

Highly complex financial engineering using 

banks, shell companies and offshore 

structures

Involved assets linked to Gulnara Karimova 

and strong Swiss involvement in 

conditional repatriation

- Fragmented data across countries
- Extremely complex layering and offshore 

structuring
- Legal disputes over rightful ownership

- Use of foreign accounts & front 

companies

- High volumes of documents and 

transactions

- Conditional return tied to governance 

reforms

- Slow MLA processes
- Need for coordinated multi-country 

investigations

- Trust structures masking beneficial 

ownership

UNCAC & StAR Relevance
Classic example of UNCAC Chapter 

V application and StAR supported 

negotiations

Multi-jurisdictional cooperation reflects 

UNCAC norms and FATF involvement

Novel model of “phased and monitored 

return” aligned with UNCAC principles

-          Limited digital records -          Massive unstructured datasets
-          Inconsistent beneficial ownership 

information

-          Fragmented archives -          Complex corporate networks

-          Slow cross-border verification -          Need for advanced analytics

- Network mapping of shell 

companies

- Graph analytics to uncover complex global 

networks

- Automated verification of beneficial 

ownership

- NLP on historical legal & banking 

records

- Machine-learning for transaction pattern 

detection
- AI-assisted risk scoring of asset claims

- Anomaly detection in 

inflows/outflows

- NLP to sift through leaks (emails, filings, 

media)

- NLP to process treaty, court, and financial 

documents

Most Critical AI Opportunity
Reconstructing historical financial 

networks where documentation is 

fragmented

Early detection of complex laundering 

structures via ML and network analytics

Beneficial ownership verification across 

jurisdictions

-          Data integration is essential

-          need digitalized evidence 

archives

Comparative Matrix of Asset Recovery and AI Opportunities

Main Recovery Challenges

Data & Analytical Gaps 

Identified

How AI Could Help (Prospective 

Use)

Lessons for Future Asset 

Recovery

AI could dramatically shorten forensic 

investigations

Transparency and governance conditions 

matter as much as technical tracing

-          cross-border verification required
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